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INCLUSIVE CITIES:

A CROWDSOURCING APPROACH



Cities have access to more data
than ever to improve urban
services, create efficiencies and
DATA IS reduce their environmental

TRANSFORMING | footprint

CITIES Machine learning and Al can help
optimise traffic, support future
planning and improve fuel
efficiencies




Citizen-, rather than

A SMART cITY IS~ fechnology-centric
INCLUSIVE | Participatory

Using data responsibly



SOLUTIONS
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ﬁ@ Citizen sensing
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Figure Eight Platform
Humans-In-The-Loop + Machine Learning

POTHOLES AND BIG DATA: - -
CROWDSOURCING DUR WAY T Vw Participatory governance
BETTER GOVERNMENT
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Crowdsourcing

3 Human in the loop




THE QROWD PROJECT

3 years project funded through

Horizon 2020

8 partners from 5 European
countries, led by the University

Smart city solutions

Combining crowd and
computational intelligence

Piloted in transportation with

A medium-sized smart city

A leading navigation and traffic

management service provider
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OUR APPROACH

Mix of open innovation methods to co-design pilots and encourage stakeholder
participation

Value-centric approach to platform design: personal data empowerment, open source,
building upon existing standards

Sustainable urban auditing through online and mobile crowdsourcing

Human-in-the-loop (HIL) architecture to improve the accuracy of predictions



MORE THAN JUST TECHNOLOGY

Data
Fusion
Link
Discovery

Supports deployment of
human-machine workflows

nterfaces to multiple
rowdsourcing services

omplemented by methodology
nd guidelines

ata protection by design
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Data g&h Data
=tOrage o Analytics




The Collective Intelligence
Genome

IR SIBNUF TOOAY

A user’s guide to the building blocks of
Member

collective intelligence: By recombining Cl
O P ot A e M DA

THE METHODOLOGY

* What - Goal

* Who - Participants

* How - Implementation
* Why - Incentives




skiIIs, not easily
" replicable by machines °
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Many parameters
Confidence scores
collected
Classifiers can be

“Most effective when @ =
-used at scale (‘open ..
call’), in combination - . S
w/ machme mielllgence LA o 9L
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prediction

Training data
Concept drift
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TUESDAY, NOVEMBER 15

New question available
1 have 2 quest to

i-Log is collecting data
oday you used the app f
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i-Log PREVIOUS i-Log PREVIOUS i-Log FINISH

At Aeroporto di Milano Linate, you: Which mode of transport you used? Please pinpoint on the map where you

d transportation mode

Parco

chiavi

clLecco

oComo
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Implicit vs. explicit
participation

Reached your destination

Briefly stopped to change
transportation mode

Cableway

| don't remember

Private bycicle

Onsite vs. remotely ¢

Electric private bycicle

Instructions

Instructions and interfaces

Your task is to use the tool below to find three yellow parking spots in a city.

A yellow parking is an area of the floor delimited by yellow lines, s

ose in the next images

Detections

TRENTO
s Basic task (all detections)

Taboo task (all detections)

Taboo task (confirmed detections)

Quality assurance and
behavioural analysis

#  Basic task (confirmed detections)

30 35
Workers

55

Yellow parking spots for Yellow parking Other not-specified types of

» Time constraints
i g

disabled people, freight load areas, yellow parking spot.
distinguishable by an icon distinguishable by an icon

representing a wheelchair depicting folding sack truck.




SE-“money or glory

Flhm
: Why should unyone
S participate?
u il L Sl ——— A T “t'

F People do things for love,

Love and glory keep costs

\e” Money and glory deliver
\ @ faster

.1I ¥ lﬁﬁil:-}:i hi___. F-_‘ ] 1 . "'r "




it bt b =

; Iﬁj: *'J CONCLUSIONS

iyl TRl AR TR - AW - M)y L E &
L= Explore the what, who, how, why P, oy P LE 5

! ,,.me’rhodology to solve problems through
i yparticipatory methods.

°Zi8 To use Al and ML cities will need not just
“i8 8 data, but labelled data, created through
#4118 crowdsourcing.
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<@t  techniques to apply crowdsourcing at scale.



